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ABSTRACT

Although personalized search has been under way for many years and
many personalization algorithms have been investigated, it is still unclear
whether personalization is consistently effective on different queries for
different users and under different search contexts . In our project, we
present a large-scale evaluation framework for personalized search based on
query logs and then evaluate five personalized search algorithms (including
two click-based ones and three topical-interest-based ones). We further
propose several features to automatically predict when a query will benefit
from a specific personalization algorithm. Experimental results show that
using a personalization algorithm for queries selected by our prediction

model is better than using it simply for all queries.
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1. INTRODUCTION:

One criticism of search engines is that when queries are issued, most return
the same results to users. In fact, the vast majority of queries to search engines are
short and ambiguous. Different users may have completely different information
needs and goals when using precisely the same query. For example, a biologist
may query “mouse” to get information about rodents, while programmers may use

the same query to find information about computer peripherals.

When such a query is issued, search engines will return a list of documents
that mix different topics. It takes time for a user to choose which information
he/she wants. On another query of “free mp3 download,” although most users find
websites to download free mp3s, their selections can diverge: one may choose the
website  www.yourmp3.net, while another may prefer the website
www.seekasong.com. Personalized search is considered a solution to address these
problems, since it can provide different search results based upon the preferences
of users. Various personalization strategies, which include, have been proposed.
However, they are far from optimal. One problem of current personalized search is

that most proposed algorithms are uniformly applied to all users and queries.
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2. LITERATURE REVIEW

2.1 OBJECTIVE:

The main intent of the project is to develop a large scale personalized search
evaluation framework based on query logs. In this framework different
personalized re-ranking algorithms are simulated and search accuracy 1s evaluated

by real user clicks.

The framework enables us to evaluate personalization approaches on a large
scale data set. We implement two click-based personalized search method and

three topical-interest based search method
2.2 CURRENT STATUS OF THE PROBLEM

When a query is issued, search engines will return a list of documents
that mix different topics. Personalized search is considered a solution to address
these problems, since it can provide different search results based upon the

preferences of users. However, they are far from optimal.

One problem of current personalized search is that most proposed
algorithms are uniformly applied to all users and queries. In a web browser
(Curious Browser) is developed to record a user’s explicit relevance ratings of web
pages (relevance feedback) and browsing behavior when viewing a page, such as
dwelling time, mouse click, mouse movement and scrolling (implicit feedback). It
is shown that the dwelling time on a page, amount of scrolling on a page and the
combination of time and scrolling have a strong correlation with explicit relevance
ratings, which suggests that implicit feedback may be helpful for inferring user

information need. In user click through data is collected as training data to learn a



retrieval function, which is used to produce a customized ranking of search results

that suits a group of users’ preferences.
We argue that queries should not be handled in the same general manner:

1) Personalization may lack effectiveness on some queries, and thus, there is

no need of it for these queries.

2) Personalization algorithms have strengths and weaknesses for different

queries.

3) The effectiveness of personalization algorithms may vary due to various

search contexts.

2.3 PROPOSED SYSTEM AND ITS ADVANTAGES:

In this framework, different personalized reranking algorithms are
simulated, and search accuracy is evaluated by real user clicks. The framework
enables us to evaluate personalization approaches on a large-scale data set. We
implement two click-based personalized search methods and three topical-interest-
based methods, evaluate the five approaches in the proposed framework using

query logs.

We reveal that personalized Web search has different levels of
effectiveness for different queries, users, and search contexts. We experiment with
predicting when Web search results can be improved using a personalization

method based on a user’s long-term interests.



ADVANTAGES:

1) The relevance of documents can be explicitly judged by the participants.
2) The user clicks are highly biased toward documents that are re-ranked at
the top of the rank list.
3) Click-through data can be collected at low cost .
4) Using click-through data is closer to real cases in evaluating personalized

search than user surveys.
2.4 SYSTEM REQUIREMENTS

2.4.1 HARDWARE REQUIREMENTS

PROCESSOR :  Pentium IV

HARD DISK . 40GB

RAM ;256 MB

MONITOR : 15”7 Color Monitor
KEYBOARD . 104 keys Standard Keyboard
MOUSE :  Standard 3 Button Mouse.

2.4.2 SOFTWARE REQUIREMENTS

OPERATING SYSTEM Windows 9X/NT/XP
LANGUAGE USED : JAVA

BACK END : SQL Server 2000
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3. SYSTEM ANALYSIS

3.1 Personalized Search Based on Content Analysis:

User behaviour is collected from an input web log data based on his/her query
posted. User is tracked using the IP address from the input web log data. Browsing
behaviours of users like time,date, URL is being obtained under web log data.

One approach of personalized search is to filter or rerank search results by
checking content similarity between returned web pages and user profiles. User
profiles store approximations of user interests. User profiles are either specified by
users themselves or are automatically learnt from a user’s historical activities. As
the vast majority of users are reluctant to provide any explicit feedback on search
results and their interests many works on personalized Web search focus on how to
automatically learn user preferences without the user being required to directly
participate. In terms of how user profiles are built, there are two groups of works:
topical categories or keyword lists (bags of words).Several approaches represent
user interests by using topical categories.

A user profile is usually structured as a concept/topic hierarchy. User-issued
queries and user-selected snippets/documents are categorized into concept
hierarchies that are accumulated to generate a user profile. When the user issues a
query, each of the returned snippets/documents is also classified. The documents
are reranked based upon how well the document categories match user interest
profiles. Some other personalized search approaches use lists of keywords to

represent user interests.



3.2 Personalized Search based on User Group

In most of the above personalized search strategies, only the information
provided by a user himself/herself is exploited to create user profiles. These are
also some strategies that incorporate the preferences of a group of users to
accomplish personalized search.

In these approaches, search histories of users who have similar interests with
a test user are used to refine the search. Collaborative filtering (CF) is a typical
group-based personalization method and has been used in personalized search
constructed user profiles based on a modified CF algorithm proposed a novel
method, to apply personalized Web search by analyzing correlations among users,

queries, and web pages in click-through data.
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4. SOFTWARE DESCRIPTION

4.1 JAVA

Java first became popular by being the earliest portable dynamic
client-side content for the World-Wide Web in the form of platform-
independent Java “applets”. In the late 1990’s and into the 2000’s it has
also become very popular on the server side, where an entire set of APIs

defines the J2EE.

* Java is an object-oriented programming language developed by
Sun Microsystems
e Java was modeled after C++
* Javais designed to be small, simple, and portable across
platforms and operating systems
* Java is used to develop executable, distributed applications
for delivery to a Java-enabled Web browser or the Java
Interpreter. A Java programmer can create the following:
o applets: Programs that are called through an HTML
page and run on a Java-enabled browser.
o applications: Standalone Java programs executed
independently of a browser. The execution is done
using the Java interpreter

* Java brings interactivity into the Web

10



There are also packages for developing XML applications,
web  services, servlets and other web applications,
security,date and time calculations and 1/O formatting,

database(JDBC), and many others.

FEATURES OF JAVA

e Simple

o Java s a safer and cleaner language than C or C++.

o Memory is managed automatically so the
programmer doesn’t have to worry about freeing the
unused space.

e Object Oriented

o Object-oriented programming is based upon
modeling the world in terms of software
components called objects.

o Anobject consists of data and methods.

o Methods are operations that can be performed on

that data.

11



e Distributed
o Java is specifically designed to work within a
network environment
o Java has a large library of classes to handle TCP/IP,
HTTP, FTP and other networking protocols.
e Secure
o Java was designed with the knowledge that the
applications will be transferred through the network
o Points of entry to protected sectors of memory used
by viruses and Trojan horses are impossible to reach
using Java.
e Multithread

o Multithreading is the ability for one program to do
more ta}zlan one thing at once.

o Threads are easy to manage in Java and they take
advantage of multiprocessor systems if the operating
syster;l does so.

o Threads in java bring better interactive responsiveness

and real time behavior.

12



¢ Portable
e Dynamic

o Java was designed to adapt to an evolving environment,

o If you make changes to a parent class in most instances
it will not affect the already existing applications. A
change of this magnitude in C++ wil] normally involve
recompiling the whole application.

o InJava you can add new methods and instance
variables to libraries without affecting the client
applications.

* Robust

o Java unlike C or C++(in some instances) is more
careful at handling data types.

o Java does not support pointers, it uses arrays instead.

o Java won’t allow overwriting of memory and

corrupting of data through pointers.

13
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5. IMPLEMENTATION DETAILS

5.1 MODULES :

3.1.1 Collection of User Behavior on Web Log Data:

One approach of personalized search is to filter or re-rank search results by
checking content similarity between returned web pages and user profiles. User
profiles store approximations of user interests. User profiles are either specified by
users themselves or are automatically learnt from a user’s historical activities. As
the vast majority of users are reluctant to provide any explicit feedback on search
results and their interests, many works on personalized Web search focus on how
to automatically learn user preferences without the user being required to directly

participate.

In terms of how user profiles are built, there are two groups of works: topical
categories or keyword lists (bags of words). Several approaches represent user
interests by using topical categories. a user profile is usually structured as a
concept/topic hierarchy. User-issued queries and user-selected snippets/documents
are categorized into concept hierarchies that are accumulated to generate a user
profile. When the user issues a query, each of the returned snippets/documents is
also classified. The documents are reranked based upon how well the document

categories match user interest profiles.

15



5.1.2 Computing Rank Scoring Metric:

The rank scoring metric is used to evaluate the effectiveness of
CF systems that return an ordered list of recommended items. In the existing
system use it to evaluate the retrieval performance of personalized Web search.

The expected utility of a ranked list of documents is defined as

o(s, j)
= S O )
Z 2(j -1/ {a-1)

Where j is the rank of a document, (s, /) is 1 if the jth document is clicked for the

test query s and 0 if not clicked. « is a parameter sct as five as the authors suggest.

The final rank scoring reflects the utility of all test queries:

R=100&E—— z R,
Z RMm

Mav . . i . -
Here, R." is the maximum utility when all clicked documents move to the top of

a ranked list. A larger rank scoring value means better retrieval performance.

16



5.1.3 Implementation Of Personalization Algorithms.

51.3.1 Person-Level Re-Ranking:

5.1.3.1.1 Historical Click-Based Algorithm:

We suppose that for a Query q submitted by a user u , the web pages

frequently clicked by u in the past are more relevant to U than those seldom

clicked by U. Thus ,a personalized score on page p can be computed by

Clicksiy,pu)

Pk s -
§PENE ) ) - -
' T Clicksig,eul 3

Here, |Clicks(q,p,u)| is the number of clicks on web page p by user U for query q

in the past. |Clicks(g,.,u)| is the total number of clicks for query q by U, and Pisa

smoothing factor (p=0.5).Actually ,
|Clicks(q,p,u)|

\Clicks(g,.,u)| and P are used to normalize

Disadvantages:

1) It is not applicable for new queries that the user never asked.

2) Another disadvantage of this P-Click is that it may impede the

discovery of newly available results because old clicked documents will be re-
ranked to the top of the result list.

A feasible solution to this problem 1s to providing personalized results

in a separated list and preserve the original ranking.

17



Another solution is to randomly push newly document available results toward
the top of the list every once in a while or to combine them with previously clicked

document.
5.1.3.1.2 User-Topical-Interest Based Algorithm:

In this we implemented a personalization method based on long-term user
topical interests(we denote this method with L-Topic). When a user submits a
query ,each returned pages are mapped to a category vector. Then ,the similarity

between the user profile and the page category vector is computed by

Y e - i)
st e, eipll ———— - - - - - = - (4
Crule

Here,c(p) is the category vector of web page p.User-profile is computed based

on his/her past clicked web pages by

PRl TA ; Pipapwiplelp. -
. .

WEP ]

Here,P(u) is the collection of web pages that were visited by user U in the past.

P(p|u) can be thought of as the probability that user U clicks web page p ,

_ Clrchsio, poa)
P’!'p"u.] yl_ : £ . - - - = - = - = =6
’ (Clickss, o 1]

Here, Click(.,p,u) is the total number of times that U clicked, and Click(.,.,u)
is the number of times that U clicked on web page p, w(p) is an impact weight for

page p when generate user profiles.

13



L i
wipl - ORI - -~ - - =T

U} is the number of total user’s who have ever visited web pages p.The similarity

between user interests and a web page issued to re-rank search results. To reduce

the instability of personalization, only the web pages that are similar enough with

user interests are reranked. The personalization score of document p is defined as
GETame g e

simieiiny, cpll qosimiepind,cipld o -
o faimienh @2 g - O
lll i simieriul,elpt! < ’ ‘

The short-term user profile 1s more useful for improving gearch in an
ongoing session. We use clicks on previous queries in an ongoing session to build
a short-term user profile and then exploit short-term interests to personalize search.

Such an approach is denoted with g-Topic. A short-term user profile cs(u) 1S

computed as

! _
TR (D)

Ps(q) isthe collection of visited pages on previous queries in this session.

The similarity between short-term user interests and a web page 1s defined as
sl e p _-—————- ﬁﬁﬁﬁﬁﬁﬁ — -(10)

A personalized score of page p by using a short-term profile is computed as

‘;_;:-;—Ta‘!,tm‘ { 4. U-:l
[sirmicst pLopt d simic ul.elpll 21

. Fe - — -
\L{l i winiesiul,clphh = { ’ (1)
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score and the short-term personalized

We can also fuse the long-term personalized
nation:

a simple linear combi
. an

score by
i gk eph feimie ut e ptls - fsimlern PEPR o th] e

Thus,

Lpi"' - ; f}, }U. T3}
b BIEA IR E I L QC} -t — —— lb

pi <

ST v N cipid
W gern Crs iUl el

)
th LS-Topic. Methods 1-Topic, §-Topic, and

hybrid approach wi
st-based methods.

We denote this
y called topical-intere

LS-Topic are generall

51.3.2 Group Level Re-Ranking:
We implement 2 K-Nearest Neighbor CF algorithm as a
“based personalization. Due to sparse data, we find that

e of group

representativ
e. Instead, we compute

applying traditional CF methods on Web search 18 inadequat
user similanty based on long-term user profiles. The K-Nearest neighbors are

obtained based on the user similanty:

s ()=t kst ) =KE ==

E—er S

Then, we use the historical clicks made by all similar users in a group 10

rerank the search results:

20



Z sim(u_,u)| clicks(q, p.u )|

i, eS, (1)

GG-Cick _wEs T
(q,p,u) B+ 2 \clickS(Q,’%)\

€8, (1)

IR Ly

—

We denote this group—level approach with G-Click.

5 1.4 Performance Comparison :
The above graph shows that the improvement of rank scoring metrics for the
algorithms such as P-Click, L-Topic, S-Topic, LS-Topic and the group level

reranking.

The group level reranking algorithm shows the better rank scoring value.

| 80 - — — e ‘.

! 70 ~+| | —%— Group Level ||
|‘| 80 ! Reranking .
‘.‘ 50 ! | LS-Topic ‘,-}
\I 40 e f e e E "I S-Topic

0o b | L-Topic !
| 1

Rank Scoring (%)

i 10 -
[ Entrophy

EiG LA pEEFoRMﬁNLG CDNPF\R!soN
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5.3 SYSTEM FLOW DIAGRAM :

Web search on
content analysis

Rank Scoring
Metric

Personalization
Algorithms

Group level
Reranking

Performance
Comparison

e 12
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6.Database Design

1 Table Name:Log File:

Field Name Field Type Comments |

number Users transaction no ‘l
4‘-
|
_
Date And Time Timespan of the User

Method Varchar Get and post methods

WebAddress Varchar

URL’s visited by auser
_

S Al st

Clicks Int No of clicks clicked by a |
|

user on a web page

|

|

- |

URL Specifies the url W
B ]

TARLE NO 1

24



2 Table Name : Score

query

TRARLE NO I

5., Table Name:Group Click:

TARLEND D

25
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7. PERFORMANCE EVALUATION

Testing 1s a critical element of software quality and assurance and
represents the ultimate review of specification design and coding. It is a vital
activity that has to be enforced in the development of the system. This could be
done in parallel during all the phases of system development . The feedback
received from these texts can be used for further enhancement of the system under
consideration. The testing phase conducts test using the Qoftware Requirements
Specifications as 2 reference and with the goal to see whether system satisfies the

specified requirements.

Standard procedures have been followed in testing our system. Test
cases are generated for each screen. These test cases will cover every possibility
which could result in both positive and negative results. These test plans are

maintained for any further testing done on the system.
The main types of test carried out are:

o Unit testing
e Integration testing
o System testing

e Validation testing

27



7.1 UNIT TESTING

Each and every module is tested separately to check if its intended

functionality is met. Some unit testings are performed are:
1.Validating the user
2. Loading database and its applications

7.2 INTEGRATION TESTING

It is the testing performed to detect errors on inter connection between
modules. The application should connect to respective databases. The application

events should be backed up in the log file for future recovery.
7.3 SYSTEM TESTING

The system is tested against the system requirements to sec if all the
requirements are met and if the system performs as per the specified requirements.

The system is tested as a whole to check for its functionality.
7.4 VALIDATION TESTING

This test is done to check for the validity of the entered input. The user
inputs to the corresponding application input fields are verified before updating in

the database.

28
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8. CONCLUSION

We developed an evaluation framework based on real query logs to enable
large-scale evaluation of personalized search. We use query logs to evaluate five
personalized search algorithms. In the experiments, click-based personalization
algorithms worked well. Although the algorithms work only for repeated queries,
they are simple and stable. We suggest that search engines take advantage of user
histories in search if privacy issues do not prohibit it. The topical-interest- based
personalized search algorithms implemented were not as stable as the click-based
ones under our sramework. They could improve search accuracy for some queries,
but they harmed performance for more queries. As these methods were not

optimal, we will continue our evaluation work on improved versions in the future.

30
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9. FUTURE ENHANCEMENTS

Experimental results showed that using the L-Topic algorithm for queries
selected by our prediction model would achieve better overall performance than
using it simply for all queries. We will try to build prediction models for other
algorithms in future work. We found that no personalization algorithms can
outperform others for all queries. Different methods have different strengths and
weaknesses. A promising direction we will explore in the future is to automatically
predict which algorithm should be used for given a query and/or to combine the

strengths of different personalization methods

32
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10. APPENDICES
10.1 SOURCE CODE:
Main Program:

Personalized Web Search:

import java.awt.™;
import java.awt.event.*;
import javax.swing.*;
import java.sql.*;

public class PersonalizedWebSearch extends JFrame implements ActionListener

jMenuBar mbMenu;

JMenu meProcess,meexit,meAlg,mePLC,mips I;

JMenultemn milfu,mips,miExit,LTopic,STopic,LSTopic,GLR;
JDesktopPane desktop;

public Object object[]=new Object[20]:

public PersonalizedWebSearch()

{

Super("Personalized WebSearch”),

mbMenu = new ! MenuBar();

meProcess = new JMenu("Preprocessing”);

meAlg = new JMenu("Personalization Algorithms");
mePLC =new JMenu(“Person—Level Reranking™);
meexit = new JMenu{"Exit");

miExit = new Menultem("Exit");

milfu = new JMenultem("Log File Updation”);

mips = new JMenultem(" Historical Click-Based Algorithm™).
mips] = new JMenu("User—Topical-lnterest-Based Algorithms™};
LTopic = new J Menultem("LTopic"};

STopic = new J Menultem("STopic");

LSTopic = new J Menultem("LSTopic");

GLR = new JMenultem( "Group Level ReRanking"):
mbMenu.add(meProcess);

mbMenu.add(meexit);

meProcess.add(milfu);

mePLC.add(mips);

mips1 .add(LTopic);

mips1.add(STopic);

mips1.add(LSTopic),

mePLC.add(mipsl);

mePLC.add(GLR);



meAlg.add(mePLC);
meProcess.add(meAlg);
meexit.add(miExit)‘,
set]MenuBar(mbMenu);
desktop=new JDesktopPanf:();
setContemPane(desktop);
object[0]=milfu;
object[l]:miExit;
object[2]=mips;
miExit.addActionListener(this);
milfu.addActionListener(this);
mips.addActionListener(this)',
LTopic.addActionListener(this);
STopic.addActionListener(this);
LSTopic.addActionListener(this);
GLR.addActionListener(this)‘,
Dimension ss=T001kit.getDefaultToolkit().getScreenSize();
setSize(ss.width,ss.height);
setDefaultCloseOperation(]Frame.EXlT’ONfCLOSE);
setVisible(true);

}

public void actionPerformed(ActionEvent ae)

i

1
Obiject source:ae.getSource();
if(source.equals(milfu))

§
1

LFU objLfu = new 1. FU(object);

display(obiju);

L)

)

if(source.equals(mips))

{
PSFrame objLfu = new PSFrame(t‘nis);
display(obiju);

v

}

'1f(source.equals(LTopic))

{
L Topickrame LTF=new LTopicFrame(this);
display(LTF);

3
f

if(source.equals(STopic))

{
gTopickrame STF=new STopicFrame(this);
display(STF);

}

if(source.equals(LSTopic))

4



LSTopicFrame LSTF=new LSTopicFrame(this);
display(LSTEF);

;

if(source.equals(GLR))

{
GrouplevelRank GLRF=new GroupLevelRank(this);

display(GLRF);
v
I
if(source.equals(miExit))
{

System.exit(());
}

}

void display(J [nternalFrame ob))
t
new CenterFrame(ob)):
obj.setVisible(true);
desktop.add(obj);
iy
{

obj setSelected(true):
1

H
catch(java.beans.PropcrtyVetoException e2){}

!
1

public static void main(String args(])
3
1
PersonalizedWebSearch qm = new PersonalizedWebSearch():

1
f

!

f
LS-TOPIC:

import java.awl.*;
import java.sql.*;
import java.io.*;

import java.awt.event.®;
import java.text.*;
import javax.swing.®;
import java.util.*;

public class LSTopickrame extends JinternalFrame
{

private JButton clac;

private JButton view;

private JPanel contentPane;
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height)

database_conn db=null;

ResultSet rs,rsl 1s2.183,r54,185;
Personalized WebSearch desktop=null;
Random R=new Random(};

NumberFormat formatter=new DecimalFormat("#0.00000™};

public LSTopicFrame(PersonalizedWebSearch deskiop)
{
/fsuper("STopic");
super("LSTopic",true,true,true,true);
this.desktop=desktop;
initializeComponent();
db=new database _conn();

}

private void initializeComponent()

{
clac = new JButton();
view = new JButton(};
contentPane = (JPanel)this.getContentPane();
clac.setText("Calculate™);
clac.addActionListener(new ActionListener() |

public void actionPerformed(ActionEvent €)

!
1

clac,actionPerformed(e);

}
1

view.setText("View Result"):

view.setEnabled(false);

view.addActionListener(new ActionListener() {
public void actionPerformed(ActionEvent €}

!

view_actionPerformed(e);

1
f

£

contentPane.setLayout(null);
addComponent(contentPane, clac, 51,71,102,34);
addComponent(contemPane, view, 178,70,102,34);
this.setSize(new Dimension(332, 214));

private void addComponent(Container container,Component ¢,int x,inty,

{
c.setBounds(x,y,width,height);

container.add(c);

int width,int
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private void claciactionPerformed(ActionEvem ae)

|
try

db.stat.execute("if object)id('LSTopicRes') is not null drop table
LSTopicRes");
db.stat.execute('create table LSTopicRes(query varchar(100).clientip
varchar(20),webaddress varchar(200),value float)").

db.stat.execute("1f object_id('LSTopic’) is not nul! drop table LSTopic");

db.stat.execute("select L.query,L.clientip,L.webaddress,L.value as
Lvalue,S.value as Svalue into LSTopic from LTopic L.STopic S where L.query = S.query and
L.clientip = S.clientip and L.webaddress = S.webaddress™);
double th=0.0;
while(true)

{

Values(between 0-1 y*,"0.0");

String t=JOptionPane.showlnputDialog(null,"Enter LTopic

th=Double.parseDouble(t);
if(th > 0.0 && th <= 1.0)
break;
;
double theta = 0.0;
rs = db.stat.executeQuery("select (avg(Lvalue) + avg(Svalue)) /2 from
LSTopic");
if(rs.next())
theta=rs.getDouble(1):

rs = db.stat.executeQuery("select * from LSTopic™).

if(rs.next(})
{

do

{

String s1 = rs.getString(1);
String s2 = rs.getString(2);
String s3 = rs.getString(3);
double cl = rs.getDouble(4);
double cs = rs.getDouble(5);
double cls = (theta * ¢s) + ((1-theta) *¢ly;
//Systcm.oul.println("cls :"els);
if(cls == th)
{
db.stat3.execute("insert Into LSTopicRes
values("‘+sl+"','"+s2+"','"+33+"'ﬁ"+cls+“)");

;
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;

i
f

while(rs.next());

}

JOptionPane.showMessageDialog(null,"STopic Values
Updated","IN FORMATION",JOptionPane.IN FORMATION MESSAGE).

view.setEnabled{true):

catch(Exception ¢)

{

a——

System.out.println(" Error While Calculating The Personalized Score”);

e.printStackTrace();

private void view_actionPerformed(ActionEvem ae)

{

try

i

JInternal Frame table=new JinternalFrame
//JFrame table=new JFrame("STopic");
table.setLayout(new BorderLayout(});

("L.STopic ",true,true,true,true);

String header{{= { "Query","Client IP","URL"q"LSTopicValue" 4

Object data[}[=null;

rs=db.stat.executeQuery("” select * from LSTopicRes");

if(rs.next())

{

ResultSetMetaData rsm:rs.getMetaData();

rs.last();

int r=rs.getRow(});

int c=rsm.getC olumnCount();
data=new Object[r][c];

rs. first():

int 1=0;

do

{.‘Or( int j:():_] <data[i] .length ;j++)

i
data[i]U];rs.getObj

1
}

i+t

while(rs.next());

ect(j+1);

JTable result=new JTable(data,header);
jScrollPane sp=new J ScrollPane(result);
table.add(sp,BorderLayout.CENTER);
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J/iable.setVisible(true),
Dimension ss=New
Dimension(Toolkit.getDefaultToolkit().getScreenSize());
sp.setBounds(0,0,ss.width-SO,ss.height-80);
Iable.setSize(ss.width-SOO,SS.height—SOO);
desktop,display(table);

1
§

else
JOptionPane.showMessageDialog(null,"Similar Pages Are Not
Found","ERROR",JOptionPane.ERROR)MESSAGE);

catch(Exception €)

System.out.primln("Can't View The Table");
e.printStackTrace();

Personalization Score Calculation:

import java.awt.®;
import java.sql.®;
import java.io.*;

import java.awt.event.*;
import java.text.®;
impott javax.swing.*;

public class PSFrame extends J InternalFrame
{
private JBution clac;
private JButton view,
private 3 Panel contentPane;
database _conn db=null;
ResultSet 15,151 182,183, r54,185;
PersonalizedWebSearch desktop=null;
NumberFormat formatter=new DecimalFormat("#0.00000");
public PSFrame(PersonalizedWebSearch desktop)

{
super(“PSFrame",true,true,true,true);
this.desktop=desktop;
initializeComponent();
db=new database _conn();

}

private void initializeComponent()
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clac = new JButton();

view = new JButton();

contentPane = (JPanel)this.getContentPane();

clac.setTexi("Calculate);

clac.addActionListener(new ActionListener() |
public void actionPerformed(ActionEvent ¢)

{

j

clac_actionPerformed(e);

i

view.setText("View Result");

view.setEnabled(false);

view.addActionListener(new ActionListener() {
public void actionPerformed(ActionEvent €)

{
}

view_actionPerformed(e);

b
contentPane.setlayout(null};
addComponent{contentPane, clac, 5 1,71,102,34);
addComponent(contentPane, view, 1 78,70,102,34);
this.setSize(new Dimension(332, 214));
§
private void addComponent(Container container,Component ¢,int x,int y.int width,int
height)
|
c.setBounds(x,y,width,height),

container.add{c);

i
i

private void clac_actionPerformed(ActionEvent ae)

{
try
{
db.stat.execute("if object_id('score') is not null drep table score”);
db.stat.execute("create table score(query varchar(100),clientip
varchar(20),webaddress varchar(200),score float)™);

rs=db.stat.executeQuery("select distinct query from tbl ImportedData™):

if(rs.next())
{

do

{

String str=rs.getString(1);
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rs1=db.stat1 .executeQuery("select distinct clientip from
tbl ImportedData");
if(rs1.next())
!
do

{

String stri=rsl.getString(1);
rs2=db.stat2.executeQuery("select distinct
webaddress from tbl ImportedData");
if(rs2.next())
1

do

§
1

String str2=rs2.getString(1);

rs3=db.stat3.executeQuery("select count(click) from tbl ImportedData where
guery=""+str+" and clientip=""+str1+"" and webaddress=""+str2+"" and click=1");
int $1=0;
iffrs3 next())
si=rs3.getint(1);

rs3=db.stat3.executeQuery("select count{click) from tbl_ImportedData where
query=""+str+"" and clientip=""+str1+" and click=1");
int s2=0;
if(rs3.next())
s2=rs3.getint(1);

double s=s1/(s2+0.5);

String st=formatter.format{s);
s=Double.parseDouble(st);
db.stat3.execute("insert into

score values("+str+™, " +str I+ " Hstr2 4" s+ ")),

f

while(rs2.next());

!
/

while(rs1.next(}):
}

while(rs.next());
JOptionPane.showMessageDialog(null,"Personalized Score
Updated","INFORMATION",J OptionPane. INFORMATION_MESSAGE);

}
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view.setEnabled(true);

;
catch{(Exception ¢)
{
System.out.println("Error While Calculating The Personalized Score"):
e.printStack Trace();
!
;
private void view_actionPerformed(ActionEvent a¢)
{
try
1

JInternalFrame table=new JInternalFrame("Personahzed Score
" true,true,true,true};
table.setLayout(new BorderLayout(});
String header[}={"Query","Client IP" "URL","Score"}:
Object datal ][ ]=null;
rs=db.stat.executeQuery("select * from score "),
if(rs.next())
{
ResultSetMetaData rsm=rs.getMetaData();
rs.1ast();
int r=rs.getRow();
int c=rsm.getColumnCount();
data=new Object[r][c];
rs.first();
int i=0;
do
{
for(int j=0;j<datafi}.length;j++}
{

;

i++;

data[i][j]=rs.getObject(j+1);

1
s

while{rs.next(});
}
JTable result=new JTable(data,header);
JScrollPane sp=new JScrollPane(result);
table.add(sp,BorderLayout. CENTER);
//table.setVisible(true);
Dimension ss=new

Dimension(Toolkit.getDefaultToolkit().getScreenSize());

sp.setBounds(0,0,ss.width-50,ss.height-80);
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table.setSize(ss.width-S()O,ss.height-S00)',

deskiop .display(table);
1

§
catch(Exception e)

System.out.println(“Can‘t View
e.printStackTraoe();

The Table™);
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10.2 SCREEN SHOTS:
u of the project pro

vides information about various operations

The main men

done.

personalized WebSearch

1 Exit

Log File Updation

¥ Historical Click-Based Algerithm ) !
"o Topicaberest 53 o Ngorthms »| LTopic
: qupLevelReRanking . STepic

T LSTopic
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10.2.1 SAMPLE LOG FILE:

B ex0B0625 - WordPad

File Edt View Insert  Format Help

Dew Sk H B T
#Sofrwars: Microsolt Internet Informarioh Servit »
sersion: 1.0
fidare: 2008-06-25 04:37:10
#Fields: date Clme 5-siTenane a-Compurernamns s-1p as-method cg-ugi-SLem em-url-quety S-paTT o3 -MSE T LOME c-1p oS-WEL
2008-06-25 pa:37:09 WsSVCIZ 162 SRVZ 210.%6.1&6.68 SET fDetaul:‘aspx - 30 - 310,211,217 14 HTTR/1.1 Mo:xllaﬁS.D+(Hn
ZDUB—OE-ZS ng:37:11 W3sSVC32162 SRVZ 210.48.146.68 FET ilmagesftap_bar.glf ~ B0 - Z10.2 3.217.14 HTTP/ L. 1 Moz1lla/S-
2008—06-25 04:37:11 B3SVC32162 SRVZ 210.48.146.68 ZET f1magezftop_bar_curve.gli - &0 - 210.211.317.14 uTTP/ 1.1 Hezd
2008-06-25 04:37:11 WIBVC32162 SRVZ 210.45.146.68 GET ilmages/hesderﬁplcl.gli - &0 - 21D.211‘217.14 HTITP/ 1.1 Mozill
2098-06‘25 04:37:11 WGSVC32152 SRYZ 210.48.146.68 GET flmagas/logn.gli - a0 - :10.311.21?.14 HTTP/1-1 ﬁn:llla}5.0+\
2008-06-25 ng:37:11 W3svC32162 SRVZ 210.48.146.65 GET flmﬁqeailnqo_lefc.qli - 80 - 210.211.217.14 HTTR/1-1 Mozillss
2008—06-25 pa:37:15% WIsWC32162 SRVZ 210.48.146.66 GET ﬁlmagesfheadet_p1:3.g1t ~ 20 - 210.211.217.1% HTTP/ 1.1 Mozill
2008-06*25 Da:37:15 W3SVC32162 SRYZ 210.48.146.68 GET /1magesfheadet_botcom.g1i - &0 - 210.211.217.14 HTTE/1.1 Mozl
2008-06-25 04:37:16 W3sZvE32162 SRVZ 210.46.145.68 GET fimagesihcadcrfplcé.glf - B0 - 210.211.21?.14 HTTP/1.1 Heozill
2008-06-25 04:37:18 w35VC32162 SRVZ 210.43.116.68 GET /1magts/hesdar_pic$.glt - g0 - 210.211.217.14 HTTP/L-1 Nozill
ZDBE-OS—ZS 04:37:16 WSSVC32162 SRVZ 210.48.146.68 GET flmages/toober_l_bg.gli - g0 - 210.211.217.14 HTTE/1.% Mozill
2008-06-25 04:37:17 w3sVC32162 SRV 216.48.146.68 GET .fimaqes:’fcncer_:ornar.gli - 80 - 210.211.217.1‘! HTTP/1-1 Mozi
2008-06-25 D4:37:17 YISVYCI2LE2 SRVZ 210.43.146.63 GET f1magesfioocer_2_bg.g1f - &0 - 210.211.217.14 BTTP/1.1 Mozill
2008—06-25 04:27:50 wIsVC32162 SRVZ 210.48.146.68 GET steErqu1n.aspﬁ - &0 - 210.311.217.14 HITP/1-1 Moz1lla/S.0+!
2008-06—25 04:37:51 WISWC32162 SRVZ 210.48.1%6.68 GET fadminrlogln.aspx - 20 - 210.211.21?.14 HTTP/1-1 Mozilla/5.04
2008—06-25 04:37:53 P3SVC32152 SRVZ 210.48.146.66 GET !HebResource.axd d=dFth7—UASEUF?SOSMWlEQZ&c=633469319417343ﬂ
z0p08-0N6-25 n4a:37:57 W3IBVCI2Z 162 IRVE 210.48.146.58 GET /debR:sou:c:.axd d-HDPDUnESIwaéchQCT106vicLBrcY:mibSoReXSK[
2008-06—25 04:36:00 W3SVC32162 SRVZ 210.48.14&.68 GET /1mages/header_p1c2.g1f - 20 - 210.211.217.14 HTTE/ 1.1 Mozl
ZODB-DG—ZS p4:39:05 §3SVC32162 SRVZ 210.48.146.68 GET flmagesiheaderfplcz.glf - @D - 210.211.217.14 HTTP/1.1 Hozil
ZUGB-DE-ZS 043:39:16 WISVCILLEZ SRVI 210.48.146-68 POST fUaerrngln.apr - &0 - 210.211.11?.14 HTTP/ 1.3 HO:lllaﬁS.O%
2008706*25 p4:29:21 U3SVC32162 SRVZ 210.45.145.68 FET quesLloqln.aspx - & - ;10.311.317.14 HTTP /1.1 Ho:111355.0+1
2008-06-25 04139322 W3SVC3z162 SRVZ 210.46.146.68 POST /adioln login.azps =Ini z1p.21l .14 HTTP/1.1 nozillal [
2ANR-A=25 n4a:39:27% masVOaz1 e AR 510 . 4R 1RALAR GFT Fadmin T AT P AR 14 HTTES1.1 n.w_—wna.m.,ru."

< >

Fior Help, pressFl

e
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10.2.2 LOG FILE UPDATION:

dation of 10g file from the sample

t shows the up

The following screen sho

web log data.

Table View

‘pode
|ava
rode
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10.2.3 CALCULATING PERSONALIZATION SCORE:

The following screen shot shows the personalization score for the query.

Personalized Score

LLQuers

0211 217126

20341217126

Client I

Ses 7%

210,215, 217126

21021127139

211217136

20311217426

20124714

20.211.21714

710.711.217.14

21

Tisgez i

202111798
5982 11311
5982113 11
5808211311

5997 11310

302113770

o1 r e

URL

Lasiez

018182
'.36369

007407

s yahoo comiadmin_logi. 014815
[J,J!'\:‘u'\u’u".".YQYIDU,COVWI."GUESUGQWI‘.. i
yahon.comfmagesilog..

vahoo comiloginentry .

hatcomimagesion 013
ahoo.comiloginentry. ..

ahoo cnmAehResou. .
rahion com
hog corns
hupn. o :'&QYTIIT\_\OQI, )

hod cormiGuestiogin.. 0,153

022322

[ATECTN
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10.2.4 L-TOPIC :

The following screen shots shows the L-Topic values that are calculated
from the personalization algorithms.

Clent P

AT 317 2

vimages
fo.comiGuestiogh
#AY¥ahao.comiloginentry

[izva source code
projects

5RG7Y
0.58835
084918

y _tr'-;nm___-!ebl?e'-:.
vahao.comdadmi
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10.2.5 S-TOPIC :

The following screen shots shows the S-Topic values that are calculated

from the personalization algorithms.

“ E‘] STopic

e F N/

CligntIP

L MBRL

~ STaopicvalue

3 51114383 ahoo camiGuestio !
example code (216821121722 hitp Shwwicyahoo.comiGuestiogi. 11,5538
iava 21921921722 ht‘tp:!:‘www.\,rahoo,cnmwaebﬁeé' 08435
examplecode 21021121 hitpJfwwr vahoo.comiimagess_ . 1043727
hitpiwwer yahioo.comimages/. 10.33447
hitpirwwivyahon.cam) 0.45471
10.211 hitp e yahoa.cam?d i0.88078
2102113 hittpdbwerw yabioo.comiimagesil.. 040912

210.211

it fiweeearyahoo cormiGuestioni

hittp:iiwean yahoo.cominginert

5 I]QH,Q.‘\'?.‘i PR

hitp:ifeene yaho.eomimagest. . 0.80824

5996 2883

-é.xammg c_gde e v s

217 1a T
121121714
11,217 34
1704

java source code

e
java source cads
prajects i
exarnple code
java source code

AR e yAN 00 carmiG uRstiani

Fibdon ahDU‘CIJW"\’W-"Et‘E'E'ﬁ. ,
 httpeveesyah 00,0 any

.-FJ, )1..

HNitpciiseenacyah oo comidebRes |
oacarmtebRes

. 038487

L 3¥3TY
07

043043
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10.2.6 LS-TOPIC:

The following screen shots shows the LS-Topic values that are calculated

from the personalization algorithms

{ [ LsTopic o o R 7 A
Query Client IP - URL LSTopicValue s
exarmple code 210211 11722 http vvahao cornfGuestiont. (0522257
hittp iy ,rahou COMIGUEs 1!0(: DSBDDDB

http fM-ﬁ-\-"""&hDD comiebRes

0.803593001 £581 406

_ihttp e vahog. corndimagess

0.4319830554R034625

hitp:iwseay yahoo comiimagess|

1047 274697966967 91

hitp:iivenvs yanoo corfimages/|.

D 50038397h00B050%

a0

hitp:hwewew . wahoo com/

'04962142930959002

20 N7

hitp: e yahioo.c o _

05206557101 4172537

2M0219.217.22

hip ifesnn yakion comys

0 B17R7YBSAZOYGE4E

210.211.217.22

hitp ifanvive yah oo, somys

0.7653387272763061

T3
21021121722
210,317

IR RR e

httifwned yahon.coms

[0.59070283530730

bttp Mewwnwyahoo comi

‘hitp.fhesives yahoo. comy

3hﬂptifwwwyahnDmm.ques'tiog] )

+0.80211 65612124922

i TI58370B03734877

1270.21% 2

10,211,217

wyahoo.comiloginentry

' w}.vahoD,comiioglnenmﬁ.J

it Yahon comilogineritry

a 355‘96423?0”‘”3&1 g

http Shanny :,ahcn:: wm;lnqmpntn-

0.5150194345384084
aeo4a;43t3n“g*“'4

http It Yahoo camiimages,

WA yahutl LUTTUIm-iQEE.

;
o
i
i
1
i
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10.2.7 Group Level Re-Ranking:

The following screen shots shows the similarity of users and

calculating the K-Nearest neighbours and G-Click values:

Lo ik

Preprocessing Exit

Group Level ReRanking .. .. 5

User Similarity ,

INFORMATION
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Group level re-ranking:

' Preprocessing Exit

71 Group Level ReRanking - i

User Similarity B FORMATION o

K Nearest Neghibour | Kuerunuregmbom I
e OK

Group Level Reranking
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Group Click Value:

L B Personatized WebSearch
Preprocessing Exit

[ Pages Order By Group Click Value

hentlP URL
) D e rezoprojects rmmﬁpru\
htlp ety pezoprajects.camd
_ http Iheanne Mezoprojeels. romflur.::
ht‘tp iheanns yahoo cmml‘ \prResnur_. |

A1 ,95,1 78 25 ': azoprOjeets. camipral.
589211311 ‘hitpelbseid MEZoprojects.com 38
1392113 hitpdiwny.mezoprojects.comiliage..
38921131 ~ hitp:livese mezoprojects.comiogi
59.95.2883 ) i ht‘tp.mwm,mpzoprolects comilogi...
599628 83 o http:fhwew mezZoptojects.comiGue 140 14959
f996.2882 . httpiheeaw mezoprojects.comiGue 14014939
Bl 114388 hRp: ey IMeZO projects.comipro). 4014939
61851783 “hilp Mhathaer, MMEZOPIOjECTS ROTAS 4014934
5105176, a8 ) hilpfeenen rezaprojects. coms 48 4939
59.82.113.11 o ‘hlipven. mEToprojects. carGue,, 140 14884
chittp (weeerr miezoprojects comiGue. . 140 14388
i hitp: .W\'WW mezeprajects com 4014929
exampls code B33 '_ o ‘ -EIJ 14338
java scurce code 211211 B ] : 4013885
] ) hnp JJWNW maoprmens Lomu:ue 4014989
Pexample coda ) http o, mpznpmleclq Lorm(‘ue 4014980
fexamnle coge - . JMltpstnse mezoprojects comi 40014338
;‘.mezopm;ecis com.fr"xdm .:-‘itl 14_98?: .
Fidael TTZOR TORRCTS, COTRIRID]. | T
g feran rrezoprojects cormfGue .
filtp fhaeane mezoprsects comfog
oy mezoprojects comflise. 32 ?5330
z 23_1_1.:10.1
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